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Abstract

The ability to synthesize and analyze massive amounts of data is critical to the success of organizations,
including those that involve global health. As countries become highly interconnected, increasing the risk
for pandemics and outbreaks, the demand for big data is likely to increase. This requires a global health
workforce that is trained in the effective use of big data. To assess implementation of big data training in
global health, we conducted a pilot survey of members of the Consortium of Universities of Global Health.
More than half the respondents did not have a big data training program at their institution. Addition-
ally, the majority agreed that big data training programs will improve global health deliverables, among

other favorable outcomes. Given the observed gap and benefits, global health educators may consider

investing in big data training for students seeking a career in global health.
KEY WORDS big data, education, global health, pilot study, public health.

INTRODUCTION

Big data refers to “large, diverse, complex, longitu-
dinal, and/or distributed datasets generated from
instruments, sensors, internet transactions, email, video,
click streams, and/or all other digital sources avail-
able today and in the future.”’”® Wakim” refers to big
data as “large, complex data that are difficult to un-
derstand using traditional data analysis techniques.”
Given that the repository of potentially useful data
is rapidly expanding, in addition to efforts to improve
transparency in analysis, reporting, and use of global
health data,’ public health professionals may benefit
by leveraging big data for the global good. For
example, public health institutions in the United States
and across Europe are using big data to augment tra-
ditional public health surveillance systems and to
inform the treatment of cancers.” On the world stage,
large datasets are also used to determine the global
burden of diseases and estimate global health.’
However, analyzing and interpreting large datasets
for use in global health require professionals with

training in big data management and population
health.

The ability to collect, synthesize, and analyze
massive amounts of data obtained from multiple
sources is critical to the success of any organiza-
tional endeavor.® Over the past decade, interest in the
potential use of big data has increased."”” " For
instance, the United Nations’ International Telecom-
munication Union supported Ebola response activities
in 2014 by using mobile telecommunication data to
track the outbreak." From national security experts
to those working in health care and global health,
there is the realization that big data will potentially
transform various aspects of human lives.”'%!*

As countries become highly interconnected because
of globalization, infectious diseases that were con-
sidered local or regional are now emerging and
reemerging worldwide.” Additionally, the global de-
mographic and epidemiological transitions are
projected to increase morbidity and death from in-
juries and noncommunicable diseases in the future.”

To address these and other global health issues,

Conflict of Interest: The authors state no conflict of Interests. The results of this study have not been fully or partially published in or submitted to any

other printed or electronic publication, in any language.

The manuscript provided has been read by all the authors. The requirements for authorship have been met, and each author believes the manuscript

attached represents honest work.

From the Center for Global Health, Old Dominion University, Norfolk, VA. Address correspondence to M. Kekeh (mkekeh@odu.edu).


http://crossmark.crossref.org/dialog/?doi=10.1016/j.aogh.2017.09.005&domain=pdf
mailto:mkekeh@odu.edu
https://doi.org/10.1016/j.aogh.2017.09.005

Annals of Global Health, VOL. 83, NO. 3-4, 2017
May-August 2017: 676-681

education in data science and especially use of big
data is important.”'”"""* A review of the extant peer-
reviewed literature indicated that no prototype surveys
for investigating big data training needs in global
health education exist. This study was conducted to
collect preliminary data about the opinion of edu-
cators in global health on (1) whether students need
knowledge and training for big data concepts, and,
if yes, (2) whether this training program would es-
tablish collaborative platforms between various
disciplines as well as between private and public in-
stitutions, and (3) whether training in big data will
improve future global health workforce. This study
is an initial step in exploring big data training in global
health.

METHODS

The study was approved by the Old Dominion Uni-
versity’s Institutional Review Board. The target
population was members of the Consortium of Uni-
versities of Global Health (CUGH), a Washington,
DC-based organization of academic institutions and
other organizations from around the world engaged
in addressing global health challenges. CUGH was
established in 2008 with generous funding from the
Bill & Melinda Gates Foundation and the Rock-
efeller Foundation. The method used in this study
is a combination of expert reviews and pilot testing.
Expert Panel Reviews. To assess whether big data
training was essential for implementing in global
health, a survey instrument was developed. Subse-
quently, the study team convened an expert panel
consisting of global health educators, biostatisti-
cians, and “big data” scientists from different institutes
to evaluate the survey instrument. A total of 15 experts
from different academic institutions in and outside
the United States were invited to participate in the
instrument review. Additionally, experts were se-
lected according to their publications on global health
education in the last 5 years. Nine experts responded
to the invitation and constituted the panel for the in-
strument review. These experts only reviewed the
instrument to determine whether the survey ques-
tions essentially captured the topic under exploration;
they were not among the study participants in this
pilot. All the experts performed their review indi-
vidually, and the identity of each reviewer was kept
confidential by the search team.

Description of the Instrument. During the develop-
ment of the survey instrument, the research team
made sure the questionnaire included items that would
accurately address the research questions. Because the
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survey would be self-administrated, the research team
ensured that questions were clear and presented in
a manner that was consistent. Each question was de-
signed to measure 1 concept at a time. The response
options were chosen to align with the question items.
Response categories were mutually exclusive and
comprehensive.

The instrument was divided into 4 categories: (1)

the characteristics of participants and their institu-
tions (questions 1-3), (2) the opinion of educators
in global health as it relates to students’ training in
big data (questions 4-7), (3) big data training as col-
laborative platforms between various disciplines
(questions 8 and 9), and (4) big data and the global
health workforce (questions 10-12).
Selection of Participants. An invitation to partici-
pate in the study was sent to all the members of
CUGH (n = 115). No other inclusions or exclu-
sions criteria were used. A consent form was sent to
all members; participants indicated their agreement
by signing the consent form.

From October 2014 through February 2015, the
survey was administered. To minimize nonresponse,
participants were contacted, via electronic mail, 4
times, and the study period extended by 1 month.
To ensure privacy protection of participants, all data
obtained from the survey were deidentified, so that
the researchers never knew members’ identities. Ad-
ditionally, each participant was assigned a random
number using a combination of random number—
generating algorithm and their current identification
number. Data were collected via the survey instru-
ment and analyzed using Microsoft Excel.

RESULTS

The experts indicated that the instrument was rel-
evant and included items that were essential to big
data education in global health. Experts also speci-
fied that the questions were clearly worded, short, and
precise. They also indicated that the instrument was
pertinent to the study population.

Among the 115 CUGH members invited to par-
ticipate in the pilot study, 14 members (participation
rate = 12.2%) completed the survey (Table 1, Fig. 1).
Of the 14 respondents, 69.2% worked in universi-
ties, 7.7% in public and private institutions, and 23.1%
in nonprofit organizations. Nine respondents (64.3%)
indicated that their institution did not have formal
training for students in the use of big data; 5 re-
spondents (35.7%) were unsure (Fig. 2). With regard
to training in the use of big data for global health,
however, 13 (92.9%) of the 14 respondents agreed
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-~ ] . dents suggested the following as aspects of global
Table 1. Participant’s Job Title and Type of Institution (n = 14) health that would benefit from education in big data:
Job Titles n (%) (1) research in global health management; (2) policies
Program directors 4(29) guiding the use of government data, education data and
Scientist 4(29) health data and how to use the data to create applica-
IS S T 3D tions for commercial and public use; (3) how to best
;Zcr:lixstrator ;El:i understand and lﬁfarTz the rules of the government and
Supervisor/program managers 1(7) how to opemte within them.
Institutions
University 9(69)
Public institution 1(8) DISCUSSION
Private institution 1(8)
Nonprofit organization 3(23) Big data knowledge is predicted to arm global health

that training students in big data will enhance global
health management and policies governing the use
of big data, improve efficiency of global health
deliverables, and expand the scope of the prospec-
tive global health workforce in the future.
respondents (85.7%) agreed that such training will
allow for collaborative platforms between industry and

academic partners in global health as well

different disciplines (Table 2). Three of the

professionals with the skills required to work with
large datasets and design health systems critical to
global health.”” For instance, innovative disease sur-
veillance systems that integrate massive, open source
data to inform timely, global health actions have
emerged over the last 2 decades. Popular platforms
that use “big data” for surveilling diseases and health-
related events include Ushahidi, HealthMap, and,
more recently, EpiCore (Table 3).'67"

In health care, big data will play a major role in
improving the quality of patient care and reducing
the cost of care.”” However, only a few understand
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Figure 1. Geographic distribution of participants in the big data training survey.
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Has big data training been implemented at your Do you think a big data training program is
institution? necessary for your institution?

mYes
m No

= Don't Know

Figure 2. Participants’ responses to 2 key questions on big data training.

what big data are, and even fewer leverage big data  highlights the potentials of big data use in global
for public health decision making. One way to bridge  health.'”""* The essence is for students to learn how
the gap between knowledge of big data and prac-  to accurately and efficiently integrate data obtained
tice is to encourage formalized education that from different traditional and nontraditional sources.

Table 2. Participants’ Responses to Key Questions on the Benefits of Big Data Training Program
Strongly Agree Strongly Disagree
Questions or Agree, n Neutral,n  or Disagree, n
Big data training program will help enhance the global health management and policies 13 0 0
governing big data.
Big data training program will improve efficiency of global health deliverables. 13 0 0
Big data training program will improve student retention by providing them necessary 11 2 0
skills of their respective employer.
Big data training program will offer an ease of transition for graduate students into their 1 3 0
future employment.
Big data training program will expand the scope of the prospective global health 13 0 0
workforce in the future.
Big data training program will allow for collaborative platforms between industry and 12 1 0
academic partners in global health as well as from different disciplines.
Table 3. Example of Surveillance Systems Using Big Data to Improve Global Health
Surveillance Systems Using Big Data Description
EpiCore EpiCore is an innovative global disease surveillance system run by a global network of health
https://epicore.org/#/about professionals. EpiCore aims to eliminate the time lag in outbreak detection and reporting by
augmenting traditional public health surveillance systems.
HealthMap Established in 2006 by Boston Children’s Hospital, HealthMap uses information obtained from the
http://www.healthmap.org/site/about  internet to track outbreak of diseases outbreak in real time.
Ushahidi Initially developed to crowd-map reports of violence related to the 2007-2008 presidential election in
https://www.ushahidi.com/about Kenya, Ushahidi has leveraged its global data collection, analysis, and information distribution
platform for disaster-related surveillance.
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Competency in data analytics and the use of big
data would also foster collaborative relationships
between public health professionals in the formal and
informal sectors. This is critical for the global health
workforce to handle complex or unfamiliar data
formats. In countries where electronic health records
are available and well developed, the huge data can
be combined with other informal sources of health
data to monitor risk factor and noncommunicable
disease trends. For instance, the ability to search and
analyze health-related data obtained via Internet-
based surveillance of diseases have been found to
complete formal disease surveillance as well expe-
dite the timely detection of an outbreak.”

Big data, however, pose some challenges, includ-
ing the resources required to track, store, analyze,
interpret, disseminate, and maintain confidentiality
and privacy of health-related data; this is because most
of the data are obtained via informal sources, includ-
ing the Internet and biosensors.'”” Of note, the
inextricable link between life-style and health makes
it difficult to separate personal data from health-
related data, raising some privacy questions. Although
these challenges exist, they serve as an opportunity
for global health experts to develop strategies that
address them. For instance, the International Tele-
communication Union focuses on individual privacy
in its innovative use of big data to track disease out-
breaks globally."" Similar efforts can be replicated to
reduce suspicion and increase the acceptability of big

data for decision making in global health. Addition-
ally, using a conceptual framework for this study would
be valuable and will be considered in the future. To
the knowledge of the authors, however, this is the first
study to investigate the need for big data training in
global health education.

CONCLUSIONS

This study was designed to examine the feasibility
of including big data training in global health edu-
cation. Although there is anecdotal evidence from
this pilot study suggesting that education in big data
will be beneficial in global health, the results of this
study cannot be generalized beyond the scope of this
pilot design. Also, the small size of the sample offers
incomplete insight into the validity and reliability
of the instrument. Therefore, the authors call for a
similar study involving a larger sample size. The po-
tential of big data to transform health care and
education is likely to be huge, particularly for global
disease surveillance. However, leaders in global health
are likely to face some challenges including the de-
velopment of policy governing the use of big data
to enhance the health of populations. These are some
areas of big data that may be the focus of educators
in global health. Ultimately, this pilot is a call for
global health educators to consider the usefulness
of “big data education” for the 21st-century stu-
dents in global health.
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